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family of biological PIDs• Tailored control-theoretic tools to biology

simplicity  dynamic performance⟷
• Derived a topological hierarchy trading:

• Showed noise attenuation properties

X2X1 XL

Z2Z1

C. Briat*, A. Gupta*, M. Khammash. Cell Systems (2016)
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• Control theory provides a principled framework for engineering biological feedback 
systems 

• AI can help speed up the design and motivate new theory. 

• How to tailor the search space to make the CRNs genetically  
implementable by construction?
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